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Project Overview

AQUA
[ ™\

the following points must lie on the line kx +
2y = 6 for every possible value of k?

Choices: A) (1,1) B) (9,3) C) (2,0) D) (3,6)
6,3)

AN J

CommitmentBank

Premise: who knows? The point is, do we go
with it or not? Do we assume there is a
shipment?

Hypothesis: there is a shipment

Choices: Yes No Maybe

Question: In the xy-coordinate plane, which of

|€€ choice_string }}.

CraigslistBargains Prompt

~
[The following conversation is a negotiation on
craigslist. The first speaker is the buyer, and
the second speaker is the seller.

{{ input_sequence }}

Was this a good deal for the seller? answer

J

Yelp Prompt

Review text:{{ input_sequence }}
Stars:

Figure: High level overview of the approach. For a given example from a dataset
(leftmost box) we use a prompt from a different task to perform zero shot predictions
with TO. The bolded text in the example represents its fields and choices.
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Baselines
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Figure: Median Accuracy with interquartile range for three models:-, -, and -
Darker indicates larger model.
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Cross Task Results - Accuracy

| ANLIRL ANLIR2 ANLIR3 AQuA CB[5] Craigslist RTE ~ WiC | Rank

No Prompt | 3415 3335 3342 2677 2411 1683  59.57 50.24 | 46.25

ANLI [14] 37.60 3470  34.08 2598 3214 2144 6462 5016 | 24.50

AQuA[11] 36.10 33.40 3542 17.32 3393 2345 7112 5157 1825

COPA([16] 39.30 34.40 3400 2047 2679 1658  69.31 50.63 | 21.25

Unseen Craigslist[8] 31.40 31.30 3283 2579 | 804  26.72 | 4982 5016 7125
Prompts MathQA([1] 37.30 33.50 3425 1929 2679 1625 7329 5110 | 24.50
RTE[3, 6, 2, 4] 36.10 33.20 3358 2205 2321 2027  61.37 5047 | 4325
SemEval2010[9] | 33.10 32.00 3258 2756 1429 2563 5523 50.47 | 66.50

WiC [15] 32.75 33.45 3233 2657 1339 1801 5505 50.47 | 64.25

AppReviews(7] 34.20 33.10 3362 2717 1964 3317 6155 5031 | 33.50

Training CommonGen[10] | 33.75 33.35 3250 2539 1339 2362 5181 5118 | 58.75
Prompts IMDB[12] 33.00 32.20 3308 2638 1250 | 1457 5523 50.16 | 71.25
XSuml[13] 33.50 32.00 3300 2697 1071 1926  57.22 50.86 | 58.50

Yelp[17] 33.25 32.35 33.04 2677 1250 2429 6227 5157 | 4175

Table: Median Accuracy when using modified prompts for cross task. Bolded entries are prompts
for the original task. Green Cells and Red Cells are the best and worst performing tasks for a
column respectively. Rank is the median rank of prompts from this task out of 98 total prompts.
Some tasks are not visualized for the sake of clarity.
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Choices in the Prompt
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Figure: Comparison of the performance between prompts that have the choices in them
compared with ones that do not. For AQuA, every prompt has the mathematical choices present,

but when for prompts that do not present the choices, we hide the corresponding letter choices
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Impacts of Prompt Length

Accuracy F1
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Figure: Each dot represents one of the 98 prompts, with y-axis representing the median rank of
the prompt across the 8 evaluation tasks. Length of the prompt is calculating excluding both
choices and the choice phrase.
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